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Description

* We will use Gaussian process regression to model relative sea
level
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* Robert DeConto and David Pollard modeled global mean sea
level (GMSL) using measures which quantify different oceanic
and atmospheric processes (1]




Data

Parameter Description

OCFAC Sub-ice oceanic
melt

CREVLIQ Hydrofracturing
due to surface
liquid

VCLIF Ice-cliff structural
failure

Response Description

PGMSL Pliocene global
mean sea level

LIGGMSL Last Interglacial

global mean sea
level
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Future Predictions

* Representative Concentration Pathways (RCPs): “scenario-
based projections of atmospheric composition” [2
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Goals

* Emulate model from DeConto and Pollard
* Make future predictions
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